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To address these gaps in immune repertoire analysis, we
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Here we have presented a novel bioinformatics approach to analyze
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Weighted Phylogenetic Tree

Using ImmunoMap on endogenous responses to Kb-TRP2, ImmunoMap not only has the potential to have clinical implications
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a self-peptide-MHC complex, and exogenous epitope Kb-SIY of being able to monitor patients closely on therapy, knowing their

) likelihood to respond, but this type of analysis can be crucial in

a foreign peptide, akin to a viral antigen or frame-shift mutation
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Dominant Motif Analysis - Tumor-Bearing Response alter current immune therapies to treat a larger cohort of patients.
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descriptive analysis of clonal T cell populations that have different Conservation of Dominant Motifs

levels of negative selection and repertoire diversity. Additionally,
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the characteristics of the TCR repertoire in patients undergoing
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checkpoint blockade therapy.

3 L) LI LY Gl LYoo= Ll L3 LI O3 L3 OO G
BT R - - - I A B
L= T T T I I T I I B 1y B I B i}

e N e Y e Y e O e Y e Y o Y e O e I e Y e Y e (Y e |
HHHHAHHAHHAHHAHAHRARAWHAMAMHRA H H Pd
0D o0 D00 0000 r o oo

[ e e = N VB = S T o T T R o e e

LI I B I O O I L B B O B I O

oo 0000 0o
R I SR R S S I
ntn b bn bn b tn bn & [n L n D 00

Ll 03 L) 01 G G Gy 03
| S Iy By I | 1 o1
[ [

Kb-SIY Kb-TRP2




